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https://github.com/brstar96
http://brstar96.github.io/
http://cglab.ssu.ac.kr/

Education

2015.03 A4S nssty EY
2017.08 2AlCfstn 224ninsd &9
HE|D|C|O] AU 2SR Z ZStAL (Bachelor of Engineering)
2020.12  =4chetdl CfstR OjC|ofsfut MAL &Y
O|C|oj&ta} ZSHMAL (Master of Engineering)
Visual Graphics Lab (2077 03~2018,12) Computer Graphics Lab (2079.03~2021.07)
2021.03 ~ #AICHSHD Cfstel D|C|ofsta} BiAlRlY F3t
O|C|o{&tt (Ph.D Student - temporary leave due to alternative military service)
Computer Graphics Lab (2021.03~)
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Papers

“14, 30-Day Arrhythmia Risk Prediction via 12-Lead EKG”

- Tae Young Shin®, Myung Kyu Lee!, and Ye Hyun Kim' et al, 2023 (Paper Writing in Progress)
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Career & Skills

2019.12 ~ 2020.06 D.META

Al Research / Al Researcher

o Ax2fA O|C|of
SFMAIRIE / Vision Al FUATAHA
Synergy A.l

Al Research / Al Research Engineer (H2917122l)

2020.06 ~ 2021.07

2021.07 ~ gz

Infra / Co-Op Tools

A& 0

Linux Docker Git

Research Tools

T O e

Python Tensorflow Pytorch Pandas Scikit

W&B Slack

N

Notion

s

“Feasibility of Artificial Intelligence-based Decision Supporting System in Tolvaptan Prescription for Autosomal Dominant Polycystic Kidney Disease”
- Tae Young Shin*®, Myung Kyu Lee?, and Ye Hyun Kim? et al, Investigative and Clinical Urology, 2022 (Major Revision in Progress)

“‘Depth Map Based Partial Super Resolution for Out-focused Contents ”
- Myeong Gyu Lee!, Kyoungsu Oh* et al, Master’s Thesis, 2021

“Anti-motion Blur Method using Conditional Adversarial Networks”

- Myeong Gyu Lee!, ChengNan Lu', Jinho Park* et al, International Conference on Computer Science and its Applications, 2018



2022.03 ~ B (1171HF)

Research Project 1. Synergy A.l. MACAI ©verview

-
"QISA|s 7l Y o= ¢ u2|Fe oEY ¥ fRed HIHE flgt

e GG [ TomE A A () ol b
First Pure NSR* (Arr’:ythem)l(a Normal) g : erytr’:‘mia Nlosrma| Sﬁ:z;thythm g _E 11— —I—7H Python Pycmgh P!ndas.mlut g
* * PN H _
[ [ | ] M —_— v BXoie NHALE QWE0| FUt6HH, 2 o1 TIEH|= 3,336l FAt
4 i 3 nt=g
ECG ZAT o T — o v BIRIEC| MHMES WED S8HOR EHEST A2 O|A/AERIA Y AH|A
fan Feb " j v 12-lead EKG MS2EE 2FWO| 1420t 30 202Hofl LS 2FE oS
14 or 30-Days v ROl Window Size O|L{0|| £XoH of|& A|TJE0| M0{ QJCt 7}H
12-Lead 10X Arrythmia Risk e BL|E2 v 30% LHo| CSA*7t st Mot fTEE2f 302! LHOf| CSAZ| BHMSHK] 2
EKG 7|5 Prediction 717| 24 & T Ha MEE I E &8 Ho|HAIeZ Y
*CSA: Clinically Significant Arrhythmia
Saliency strength per.Peak Interval from batch 1/39 Saliency Strength per Peak Interval from batch 1/78 =
.y =~ ¢ 0 LIS
127 | || &—Rrpeak -
Sl : R § ' v, "Ha AUC 0.927, Arryth-normal F1: 0.8 = 2! 9llXI Hi{ = (Docker, FastAPI) X|&
0.8 1 ] PR i - - - .
i 2 003 — v RayE &%t XML G[0|§] mtd, ettt A2 2&] C|X}el, Saliency Map 24,
0.6 1 T - - -
s : i) 5 HydraE &85t 50| m{mt2t0[E 22|
. P Peak il S
A v MO QI5{71S QI8 YMARAEIM 2 B R|Q, =2 HEIX ZhY
> =7 1 Y| = | = . +  OfSfglE B: 5 7hd0) W2 BRF AT2ld, HOIE| M2| Fis) Q4 MBS 2fst 27 Xia Tty
| QPeak | : —
H | |SPeak H .
041 S N 000 . , , : # of EKGs/Class GE Philips Total
-0.2 0.0 0.2 0.4 PPeaks~QPeaks QPeaks~RPeaks RPeaks~SPeaks SPeaks~TPeaks
Pure Normal 12,304 19,927 32,231
Arryth Normal 831 13,850 14,681
1 N , G Model/Metric ResNet18 LSTM Transformer
@ 254 | ) ; e
. | \ . Average F1 0.8597 0.8768 32,231
’ N\
-2 7 Average AUC 0.9278 0.9417 0.9229
AT Pure Normal F1 0.92 0.9263 0.9098
-7.5 e i
; Arryth Normal F1 0.8 0/8272 0.7876
0 100 200 300 400 500 600



https://www.ray.io/
https://hydra.cc/

2022.03 ~ B (1171HF)

Rgsearch Project 1
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1. Dataset Preparation

2. Lead Signal Refinement

—
Standard 10 sec

3. Heartbeat separation

Lead inputs
12-lead Raw ECGs | sl il E= ]
I
| Meta data parsing | 3 »
- N
| Patient Screening | II' >
0
R 75
ECG Preparation III s
Base64 signal decode 150
serialize signal ° e me

W

CSV Meta Data,

Signal cleansing & Peak detection
Decoded ECGs

CLIENT

Individual Heart Beats

00
Time (s)

Dataset (6:2:2)

1. Heartbeat segmentation with detected QRS peak
2. Drop heartbeat with NaN peak index

3. Heartbeat re-labeling (inherit from raw ECG label)

SERVER

EKG Parser

>
Storage Server

API server
(Container)
Browser
Database
Web App OS(Linux)

Arrythmia Risk Prediction Engine

ML Algorithms

12-Lead EKG
Pre/Post Process

Risk Prediction
Model

ML Frameworks
(Pytorch)

GPGPU Acceleration Platform
(NVIDIA CUDA)

(o}
inux Ubun

(A) BE Overview

H/W

(CPU, RAM, Graphics Cards)

(B) Engine Overview

4. Train 1D ResNet-18 (with individual heartbeats)

Confidential

ResNet-18 = &r

Trained
Model

Update Model with
Weak Beat Label

5. Search Optimal Threshold for each Class in Validation Set
@ Confidential

Trained
Model

Aryth-NSR

[EeoTos], -]

Search Class-wise
Stacked Class-wise Beat Logits

Optimal Thresholds

Class
Thresholds

Dataset Preparation

Signal Refinement & Heatbeat Separation

—  ——— Lead inputs
Standard 10 sec

12-lead Raw ECGs

; lsoll]ll_im"wllli
I
Meta data parsing | »
I
ECG Preparation 5
Base64 signal decode
serialize signal E
' Le |
CSV Meta Data,
Decoded ECGs

01654 <62 --}

Risk Prediction
Model with

h, e
“Arryth NSR” «

Postprocess & Return Result

Threshold




2021.07 ~ 2022.03 (971i1&)

Research Project 2. Synergy A.l. IGNITES-ADPKD (overview

“Feasibility of Artificial Intelligence-based Decision Supporting System in Tolvaptan Prescription for Autosomal Dominant Polycystic Kidney Disease” (Under Major Revision)

¢ ZEMEM oM
v 282-38 CTYAS 248 ADPKD* Kidney &9 3D 28 L TKV* £&
- & dgea) 7| B2 7Y AER Y ADPKD FHE Hergs HaE
v ADPKD EAt2| TKV*E X2 85t 42 A/ AL EE|AL I HIfAL CH& MH[A
Z & Al of 2ap i A7 S et Fetoti AEet TKV M=

|

- 47| 2pHR gfA ChH| 5248 W2 A DSC 0.97 &4

o sussieror. = v MZEo| 4l CRC7| 2pdal gl Z445t CT-ADPKD H|O|E{Al 1=

v ZREEH AIIQE| M, DY ASEEEQl 413 LOiSOlF 0 ohE
*ADPKD: Clinically Important Arrhythmia
*TKV: Total Kidney Volume (mf)

& Zoj U

v' External Validation Set DSC 0.97 & Q! H|{X| =2 Xl Hi=Z(Docker) K|
v" MONAI FrameworkZ &35t 2 91171t (7|= ALY 22 CHH| 15% M5 SFA)
v 2829=717| & 2M Ed XY, =& &
< OEiRIE H™: 2D 7|t DEIoj|A B False Alarm 2! CT 0|0|X| Backplate Artifact X| 74
Hospitals Total
Hallym- Hallym- Hallym- Hallym- Hallym- Ewha- Ewha- Total Total
Chuncheon Pyeongchon Kangdong Kangnam Dongtan Mokdong Seoul DICOM Slice
Dataset (n) 32 63 44 41 33 288 187 753 95,117
SOMATOM SOMATOM Se SOMATOM Brilliance C | Brilliance B | Brilliance Brilliance 6 CT Scanners, 7
Definition FI | nsation 64 (Sie [ Smile (Siem [ T 64-Chan ig Bore (Ph | Big Big Institutions
ash (Siemen | mens), SOMAT | ens), MX800 | nel (Philip ilips) Bore(philip Bore(phili
Model names | s, Malvern, OM Definition 0 IDT (Philip | s), MX8000 s), ps),
of PA, USA) Edge (Siemens), | s, Andover, IDT (Philip SOMATOM | SOMATO
CT scanners SOMATOM De | MA, USA) s), SOMAT sensation M
finition Flash (S OM Sensat 64 sensation
iemens) ion 64 (Sie (siemens) 64
mens) (siemens)

(a) Original Slice (b) GT Kidney Mask (c) Predicted Kidney Mask (d) Mask Diff



2021.07 ~ 2022.03 (971i1&)

ReseaI‘Ch PI’OJECt 2. Synergy AI |GN|TES_ADPKD (Methodology & Infrastructure)

“Feasibility of Artificial Intelligence-based Decision Supporting System in Tolvaptan Prescription for Autosomal Dominant Polycystic Kidney Disease” (Under Major Revision)

(b) Dataset Annotation

95,117 Hand-labeled
segmentation mask

—) " ullq

(c) Train 3D (d) Automatic
Dynamic U-Net Segmentation

¥

(a) Abdomen +
Pelvis CT (Raw data)

(f) 3D Mask
Volume

(g) TKV Calculation

(e) Post-Processing
Scale Attention

u!

' l H
L

—)

Prediction
(512,512,256)
4

Input
(512,512,256)

m—-
— O~

- - -

mm) Skip Connection

' Conv Module

’ Pooling

(+ 0

¥ BE CIEZEfE= MACAISH A5 22 RAtf B Z/X6/A] XS

AI's measurement (mL)
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095
0.90 4
3 o854
0.80

@ 075 4

0 070

©

G 065
0.60
0:55
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Test Statistics

—®— Class 0(BG) DSC
—e— Class 1(Kidney) DSC
== class 0 mean DSC
=== Class 1 mean DSC

L 1 '

S 1 3 & 5 & 1 % 98 9» $» 9

© ¥ 9 ¥ © ® D
Image index (#32)

[ 1.00

0.95

r090 ,

0858

Loso 3

c
0758

F070 5

n
065 @

Loso ©

0.55

{050

y=1.00532939x-2.23957357
ICC value = 0.99976

Validation Test
Model DSC DSC
3D Dynamic
e 0.971 0.9668
LU 0.979 0.970

Post-Processing

200 400 600 800 1000 1200 1400
Radiologist's measurement (mL)

False AIarmOI Xl.g't_ té}'Acl,'lol":d 7|—7':— A|'LH EEHO Deep Superv|s|on0| N EI_|

Dynamic 3D U-Net@ 2 B4

CT o|O|X|of| ZX5I= Backplate Artifact X2

M KA



2021.04 ~ 2021.07 (374&)

Research Project 3. LG U+ Edge C|HIO|AE @|et =X K[ SR 2= 2151 POC (overview)

SR + Color Enhancement & Z=HE AV 2O WS
s AN
. v UHD ZiHI= Q= X|&EHo 2 FII5t CHEE2| ZHI== HD/FHDE &8 S¢X
v UHD Q&2 A2 ZH5l2{H 50~70Mbps 7t&Fe| Ezf] 2
- MBHAE A Edge Leveloll M ZalAlsisto @) EalL HgS HSInA .
v ERAMAMIEEEA CH| S 7H40l| 05tE MH[AE H|Ssl 7HUXF = 7 =2
¢ 0| LIE
v 6TOPS NPUOIM HAIZE 18 7hseh ZE JHE POC & R EfEd 1
- 24|0]0{ AT A|ZFEHQ1 NPU/GPU 714 K|l 20|01 E &26t B gt
v WRE 2| EEIYTHPSNR, SSIM, High-frequency && AlZts}) 3
& ofRRe ™ oke O%OI NPUOIIA 2|HEt M5 78, lII-posed problem°| B IR HIA|
:_ F N o 8 2’°p‘x§tw@§%fn‘8425 ou 0 e, 20 / o gt 20 20 30¢ ‘ :m R
::: ~(:::\
. n\.:u\m\\%"{m : . - .




2021.04 ~ 2021.07 (374&)

Research Project 3. LG U+ Edge C|H}O|AE 2[5t =X X9 SR 2 E! 9151 POC wethodolosy)

- Input e it F="CPU-----==-=====-=—------ 1 I—-NPU------------------------------------------------I
\ 1 (0r GPU if available) : . .
[ "L 1
b ' | i PreProcessor(CPU) _ !
720p/29.97fps . L — e I
'\ [Channel 1 Fratten ' . i | Divide »| Transpose Inferenc:a !
N Split Yy o uint8 : : " | & Type Cast FP32 i p e Module | :
H : (via TFLite)
: : UV | : : [.. Ve . :
1080p/29.97fps 1 : ! 1
1
. : : e e e e e e e et e e —— s — I :
_________________ 1! b j . PostPrpcessor ; !
: ! : Et # of Improvements . !
| 1 : I mr:: Parameters (B3 H/3) I v :
1 a .

Feature Batraction ____UpSampling : 1 : 2 31,131 0.5 sec / 0.05 sec | Re- :

~ Output - --------~- 1 ! | e
' p : : N Feature Extraction Up-Sampling B 2,567,323 7 sec/ 0.53 sec ! Transpose :
1 ! I A Model A | * 1
! "L : 1
' Ll | Multiply :
1 y : 1 I E z . ¥ 1
I YUV(p) Channel Upscale VI 3 e i b | 1
: 2160p/29.97fps Merge nm TR < Reshape < : : I 3 & K A : Type :
! ! | il e o | uintg | Cast :
. : . . preature pping rinking Apr;wi)dEI Ean ing Dping i .
I ot L e ot e e ks e e ekt ks s — o h —r — s 1
: U 1
I e e o o e e e e e e e e e e e e e e e e e — e — e

E.dge SR Modals HIQksH Bandwidth (Gb/s) Bandwidth (Gb/s) Bandwidth (Gb/s)
s 2 oo Resolution Fps ol A o el Resolution | Fps 312 | Resolution Fps
Benchmark Al:Framework e = CPU | GPU/NPU CPU | GPU/NPU CPU | GPU/NPU
APP Andioid NN Ruptime Model A HD Mobile
— NPU (1280"720) 1.5 8.73 7.48 NetV3 512*512 99 5.81 11.39 PyNet 96*96 1.9 0.99 2.25
Middleware
0S Model B HD 136 k272 | 901 Inception | 3464346 | 83 | 272 | 17.37 SRGAN | 512512 | 112 | 276 | 1877
- NPU (1280*720) “Jao ' .os V3
Driver \

cPUu - GPu - NEE T v A9 ZtS mho|mEFolof A Q1A mEIS AA|ZH A= (30fps)0| ZHsSILE SHEINAM mEIS EH=5t o2 &l
- Clots il 11 AFMIBE M= BEM2 E5 ASH By A2 £
SW: “Al Benchmark App” (NNAPI+TFLite) v FPS, Bandwidth £&Zf2t SR Z1=0]| CHst SSIM, PSNR 2 HF &< o

02

a5t
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i
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https://ai-benchmark.com/

2020.07 ~ 2021.07 (107H&)

Research Project 4. Partial Super Resolution POC oveniew

Ly MAL SR 2 =2 (“Depth Map Based Partial Super Resolution for Out-focused Contents”)z} B34

RCAN x4 (Baseline)

W52 23 o

DIV2K

DBRCAN x4 (Ours)

Random Patch Sampling

KPopStarsSR

Ground Truth Bicubic x4

1.
2. Edge Detection
3. Erosion

& Z=NME A 20

Python Pytorch

v ol2 9IF Eao| MZT HIES 1, ATHHOZ F28 MY TF FalMsts 67
v A o|o|x]of Cish ZaHABISHE 7|E W Ce| HSXIE L Kok EX s
v o}, gohta S ol 9iF Taxo|Me] EA (fE A £EB

& 20 UHE

v 2H| sHZS 2Iet Dataset “KPopStarsSR” T+, T | mto|Z2tQl C|XtQl
v LS ®ZA Patch Sampling 7|8 A& 2! Loss FunctionOi| CHEH 1141, &+Q| =2 F|=

Foreground Unique
Patch Sampling

‘"

Or|g|na| RGB

Otsu Thresholding

»  OfFRIH A: AN Do

| £22 Xl Zsh= Al

EX, 23 H=

azfo| Sy

® Foreground Random

© Foreground Jitter
Patch Sampling

Patch Sampling

. W
,un Go, ILR
w0, 2

=1y=1
= downsampling factor

pixel — wise MSE Loss =

where 6 = (Wgcan: bmmv)

“RelU 4-3 layer of

“RelU 2-2 layer of
VGG-16"

VGG-16"
QDR 5« MpSEEo™™ ™) W% « MpSEHTT™ ")) +
boundary HR boundary SR boundary-
A2 - Lygg ("@(1 *Mpgy 7)) = W™ * Mpgy )”1) +
Az foreground (”[HR * Mé‘g;teground — ISR 4 M[);';Legroundul)

backgrmmd
Lps, =241 L (
Depth Map

- -

Labeled Depth Mask

=: elementwise multiplication

Where Lheck9™"™ and Ly74"™Y is feature space distance.
ll =0.0000015,4, = 0.000002, A3 = 0.5

background
M, DSM



2020.07 ~ 2021.07 (107H&)

Research Project 4. Partial Super Resolution POC wethodology)

Ly MAL SR 2 =2 (“Depth Map Based Partial Super Resolution for Out-focused Contents”)zt SA| ZI3H

1. YouTubeO{|A] 4K O|&0|HA QIZ20| =&t l/" """""""""""""""" ~
- E p ! SR Patch <~ i
aespa-BlackMamba LOONA-WhyNot -l IZONE;E‘;;;?’):;:I:HAWP\ : 1 | I
iare S yea i Mono-Depth | : i
2 YYERTH STHA | ¥l | Estimation : ; H
w m ﬂ ﬂ : — | I :
i ! : I
I
frame_132 frame_133 frame_134 frame_135 : 1 I L1 Loss :
o I H ' (I1RGB , [RGBy |
3. 20| TR0 Qs TR0t ks £5 & DE 0[0jX] P4 ; i AR ISR
H 1
: - - i : % LR Patch ! i
) 4 1 H 1 1
™ N < : 1 I 1
0001 0002 0003 1 : - | :
I 5 I
4, Thot 210| =& @z 210| 0[O|X| A4Ad ] 1 > Sampled _ .
Stage 1: Depth Based | o| HR Patch ~'~  Stage 2: |
: Inference Depth Map & Patch Sampling 1 d Sampling FG Patch & |
N Make Binary Mask '\ Train SISR Model J
0001_output 0002_output 0003_output T S -
5. 200] o|n|x|2| [E{srA R % 0|5t I @i o|n|X|2f DpAT gt A S5 EHA|

Super-resolved Otsu Thresholded Upscaled
Image from model Depth Map Bicubic Image
GT<Bicubic GT<Predict *: Alpha blend
sk H H|o|E{All - Alpha blen
= &/ HIOIE PSNR/SSIM PSNR/SSIM
RCAN / DIV2K #900 41'366(6+/() ())'9484 41.424148 / 0.9606
- Mono-Depth
41.73202d8 / 0.9567 : Estimation Processin
RCAN / KPopStarsSR 41.3666 / 0.9484 (¥-0.307924 / : Model (Alpha Blend;
#953 (+0) ¥-0.0039)
) e.g) 960480
e.g) 3840°2160
DBRCAN / KPopStarsSR 41.3666 / 0.9484 43313348 / 0.9707
4953 (+0) (A+1.8892d8 /
- A+0.0101)




Competitions

2 LAl @2 07198 team 71ir_ph2/3ddis

30 Scamper 0.6685  Scamperfir_ph2/239/test

31 kh_square 0.6500  kh_square/ir_ph2/330/0

I32 T}Ei(Paten) BIR 06136 team 3w _ph2/607/D(Net201_40|
=

33 line_by_line e 1 05844  line_by_linelir_ph2/153/0

3 Sunny © 05735 Sunnyiir_ph2i127/13

3 DGVision @G 05731 DGVisionsir_ph2230ftest

3 soce ™ o & 05694 team 17/ ph21229/12000

37 AjouCVPR o | 04402 AjouCVPRir_ph2/366/9

38 Amvision r’ )5S 03152 Amvisionfir_ph2/1031/submit
10 a7 HH ’ 0.4851629535173839 3 days ago 15
" CoC (Conqueror of cancer)? ﬂ ‘ 0.48384468963737254 3 days ago 16
12 |o} ‘ W. ‘, 0.4830781244390191 3 days ago 8

‘ I 13 Paten D@  o4736568063602148 3daysago 15 I

1 ZIEH0| L‘ mm  0.472706453377085 3 days ago 13
15 FAR(Formalworks & Acorn Research) M L 0.4679192962325493 3daysago 14

NAVER Vision Al Hackathon

(Image retrieval challenge, Finalist, 2018/12~2019/02)

Tools Keras, Naver NSML

Official Site https://github.com/Naver-Al-Hackathon/Al-Vision

» NAVER Clova &%| Naver Al Vision Hackathon(lmage retrieval challenge) M =7}
1XI0i|M mAP 0.5245(#30 of 87), 1XH=2M mAP 0.3064(#39 of 50), 2XH=M (Final) MAP 0.6136(#32 of 40)

> HESI3 21Xt & o= M HAE, DEl0|E /Y, 2 2R H &

]

A=
T‘gll

Konyang Health Datathon 2019
(ZiIQThatm o|mirhst Zx| Qutet A7H O|0|X| 28 T3], 13t place, 2019/11/29)

Tools Pytorch, Naver NSML

Official Site https://github.com/khd2019/khd2019

> 7 X-Ray &Y 0|0|X| & 21t do = ERSI= CHE]
> 24A|Zt LY 72 2 Pre-trained model A2 E7} M|t
> Cist Mxj2| M2kE M5t ¢|0|E| 20 11§ (Equalize, CLAHE)

1O
> DY 9 MA YABSQ CIRt, HIEYD 424 2 25, #a 2

ro
I
T
a
>
ol


https://github.com/Naver-AI-Hackathon/AI-Vision
https://github.com/khd2019/khd2019

Lab Projects

(2017/06~2018/05, 1Al TZ2HE)
Trarisform Robust Dynamic Projection Mapping on Flexible Object Surfaces
g Al A7 A7

v' Flexible Surface0| C}o|L}2] T2 ™M OjZS J1545}7| 2|5t 172
v 7|Z Fiducial Marker E2jZ12| 5t7|2] OF742| 7t A 2XIZ sHZ5H7| 95l IR Marker@} LHt RGBFHH|E}
HMo|M 2I0|E I ZHE AIE

v Ofsh ROl OFHE SVMRE at&stil ¢4 T|Ie 22 F 2t 0i7{9| IDE ute!, O E2| ¢E Y
HAZEEH X[QHEZ| ME 714
¢ il-o] LH.Q_
v OpenGL(C++) &
v HQIM AlIS 51 MI°,=1 Cl|O|E{ MX 2|, X El Ot ZX|MZ 0|28 Dynamic Projection Mapping 7+ (OpenGL)

(2018/03~2018/12, Bt=AA7LAHEH A2 1HA)) .

A Supervised-learning based Robust Tracking for
Interactive Spatial Augmented Reality Media Contents
& A7

v' 2D Depth Map2 E3} Rigidbody @EXIEQ| 3D Z7tAt Qx| HEHE FH5H= 011

v/ Zl0| O|0|X|25E 2|0|R)= Feature —”F—% 2! Random Forest Regressor 22 2H&3f
2X|e| 27 QX HEE §t&

O L-O
¢ il-o] LH.Q_
&2t £7): Ground Truth Object v" Unity3D(C#), Python(Scikit-Learn) &&

—

/2t £7): Transformed Object with Model's Predictions v Geodesic GridE &8¢t st& O[O Al M|z, RE ut2to|E 54



Lab Projects

(2018/10~2018/11, CSA2018 Oral)
Anti-motion Blur Method using Conditional Adversarial Networks
& A7

v Conditional GANZ &-&%5}0{ O|0|X| 2M E2{E M7l XA 7IH|2t=2 MYSH O|0|X|E ¥E & UEE ot= A7
v M S2{0f gt Condition2 & st&A17|7] 213 Need For Speed 240fps Dataset0l Pixel Motion Blur £,

Qe 2M =] et 4
¢ il-o] LH.Q_

v Tensorflow 1.4(Python) &&
v 22X lZ2 gt Dataset ++5, O|0|X| Tx2| L HEQA EY

Input GT Output

(2019/11~2020/06)
o114l L} Deeperence Vision Al Study 2%

* &= A7)

v Al SHIEE 9|5t Vision Al AE|C| ZEXE

v FI7|HQl =2 2|5 XI&l Ckst CH3| 271 (Al Rush 2020, NAVER Al Hackathon)

v OE¥C=R 3= D1*IE1'-' AHCIM 55, 134 2|E - GCPO|A Q] Al 2{ Lto|=Z2tQl AEC|

Slideshare: https://www.slideshare.net/ssuserc9d82a
Git: https://github.com/brstar96/Deeperence AlStudy
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